Vol.24 No. 10

24 10
2009 10 Journal of Aerospace Power Oct. 2009
: 1000- 8055(2009) 10-2349 07
= B #x4£, F 7, XN I, TEF, B£
(L , 710038; 2. , 100074)

)

(support vector machines, SVM) PID( proportion integration different iation)

SVM , SVM R PID

Lyapunov

; PID

: V233 7 : A

PID decoupling controller for aero-engine based on
support vector machines

WU Yong', Xie Shousheng', TANG Qi>, WU\ Wei',
WANG Hartao', MIAO Zhuo guang'

(1. The Engineering Institute, Air Force Engineering U niversity, Xi an 710038, China;
2. Aireforce Deputation A-gency in-Beijing Distriet,” Beijing 100074, China)

Abstract: To solve the coupling-problem in-aero-engine multivariable control system, a
new PID(proportion integration\ differentiation) decoupling controller based on support vec

tor machines ( SV M) was proposed. The SVM was applied to identify the aero-engine model,

and then linearized to extract the instantaneous linear model. The PID parameter was ob-
tained based on the lin€ar model. T he convergence of PID decoupling controller was proved
with the help of Lyapunov stability theorem. Simulation results of certain aero-engine system
demonstrate the effectiveness and feasibility of the PID decoupling controller based on SVM.
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